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M\

If (income ) $50K) & (age ) 30) & (location="TX USA”)
then Probability (catalog response)=0.15.

20| OO0 0|J0| 1, LIO|7F AANM| 0|00, Z=AHX[7t CICI0|H
IEH=1 SE0| SEE 2H50] 15%0]Ct.

Probability (catalog response) = function (x1, x2,---, xk)
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(Supervused
Learning)

&% O|0|E{(Training Data)2
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x| st

SYHMUIE NS | BAHMEREY
Mike | 30 | 23000 | Yes
C May | 40 | 51,100 | Yes
Bl | 55 | 68000 No
CJm | 46 | 74000 | No
| Dave | 47 | 23000 | Yes
Anne 49 100,000 No

E1|0| Y Data)

S 80| CHat

Hapot S E AkAH HIO]Ef7t A0{OF
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X| T 8t&(Supervised Learning) — 0| 22! 74

S HM0IS B Eé HHEP HS)

Mike 30 23,000 Yes
Mary | 40 | 51,100 | Yes
Bl 55 | 68000 | No
Jm | 46 | 74000 | No
Dave | 47 | 23000 | Yes
Amne 49 100,000 No

IF Balance 2 50K and Age ) 45
Then Default = no’
Else Default = ‘yes’
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Data Mining 28 0f|A|
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(Classification)

ol =4
(Regression)

H|X|= S5

2T 2

(Cluster Analysis)
» At A
(Association rules)
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Class 2 Class 3
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i

S5 HiolE Classification Classifier
(Training Data) TEIES (Model)
E—f”.-—i!jo"oié ﬂg‘lletﬂgolﬁ)\%% | lf--then T#2
7 ¢ ]
A 1015 . L IF Balance )= 50K
and Age ) 45
We 30 200 Yes THEN Default = 'no’
Mary 40 51,100 Yes
Bl 55 | 68000 No
Jm | 46 | 74000 | No
Dave 47 | 2000 | Yes
Anne | 49 ' 100,000 ‘ No
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Xk sk& - 2=(Classification)

"{IF (condition) Then (class)} 7! 8k — Al 2|3 22

= M2 =
= e B
Sig BlojE M=ZE 4|0|E
(Training Data) (Test Data)
el = ¢ ZHIE] OF |0 QUZ
Rkl “ I Q2 o 4 g3

B2 H(0hS ) | B HER )
| O | uol | R | = 0 H)
Mike 30 23,000 Yes
C Mary | 40 | 51,100 Yes Y | MYl ‘
Bl | 8 | 68000 No  Mark 40 | 88000
Jim 46 74,000 No L 2
" Dave | 47 | 23000 Yes
Ame | 49 | 100000 | No
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MZ2 G|0]E
(Test Data)

S2) W40 i ‘

Mark 40 88,000

TG 25

st H|OfE
(Training Data)
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5k ©|0|Ef - Classifier
(Training Data) Claés:pl_fgagon (Model)
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(Test Data)
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N\,
A(Regression) \

© 421 GIOJEI(S B14)7} ER BA(ES B D|Xls
5I2 Saff 14 B0 LSt OIS 32 55
Ol : A5 1159] 52 01

S2 B01E ) B4 HAEP B2

' ' 7 . UESEEs
Mike = 30 23,000 | 10
May 40 51,100 8

Risk Score = 0.02*(Balance) — 0.4*(Age) +
3*(House Owned)




" Data MiningS| £41 7|2 - HIXIE 8l

(Classification) ( luster Analysis)
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